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There Is No Size Effect: Daily Edition1 
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We have written several pieces on the famous small-firm or size effect, the two most important (IMHO) being our 
study of the interaction of size and quality and a fairly comprehensive survey of all things size. This note focuses 
on daily instead of the longer-horizon data studied in these other papers and, while not changing the overall story, 
this leads to a powerful illustration of what’s going on in small stocks.  

The State of Play  

Before I turn to the daily data, it’s important to step back and summarize what we’ve already said about the size 
effect – partly because there still seems to exist some confusion (some of that is clearly on us!).2,3 First off, we do 
not reject that small firms historically have had larger average returns than big ones (though the victory is pretty 
meager). Some think that shows the existence of the size effect. They’re wrong. Basically, what we have all done 
in finance since the 1960s is not just look at average returns but average returns net of some “factor exposures.” 
That is, if you made extra money in small stocks but only because you were more exposed to some other known 
source of return, that may mean the real effect is this other source and not size. It’s often debatable what factors 
for which to adjust. Were these factors known ex ante? Do they have an economic story or might they be the 
result of data mining? These can be difficult issues for some factors. But, since the size effect was first studied in 
the early 1980s, one factor has always been adjusted for in any reasonable work. That factor is market beta.  

 
1 I’m taking a break from the ongoing excruciating “value wars” to discuss what I hope is another interesting topic. Though they are perhaps 
related, as small-caps have not done much better than value stocks in recent years (though this paper argues this isn’t as shocking as we 
don’t actually expect a size effect!). 
2 For instance, a recent paper by authors we usually agree with on a broad range of topics, “Settling the Size Matter,” mostly summarizes our 
two papers. But the new paper oddly adds the title of “Settling,” which seems a bit presumptuous for such a summary (we did get a little crazy 
with this title so we are hardly ones to lecture). This latest paper basically repeats and confirms our work, with only a small disagreement on 
how the results hold up internationally (not in direction but magnitude – adjusting for quality raises the size premium most everywhere, it’s just 
a question of how much), and adding some additional comments on implementability, something we didn’t profess to address in size/junk. At 
no point in studying small vs. large net of quality exposure do we argue this is something usable in practical portfolio construction. Instead we 
left that for future work. So perhaps a good title for the aforementioned “Settling” paper might’ve been the more circumspect “A Short Note on 
the Major Enhancements to our Understanding of Size from the Two AQR Papers We Recapitulate but with Some Quibbles About 
International Results and Adding a Further Study of Implementability.” Putting aside the title and focus on the small disagreements not the 
large agreements, this new paper mostly confirms and agrees with our results and appears to be well done. 
3 Implementability is obviously important, but we also think, hopefully not a controversial idea, that more understanding is better than less even 
if sometimes it doesn’t immediately lead to an implementable strategy (somewhere down the road more understanding tends to help, even if 
it’s not immediately obvious how). The junkiness of small firms is indeed holding them back versus large firms – it’s just not clear how to profit 
from that. We have never been confused on this issue. For instance, we have not used the interaction of quality and size in our actual trading. 
You may also note the conspicuous lack of an “AQR Small-Quality” investment product; something we’re unlikely to have missed launching if 
we believed it survived all kinds of issues with implementation (it wasn’t for want of trying!). 

https://www.aqr.com/Insights/Research/Working-Paper/Size-Matters-If-You-Control-Your-Junk
https://www.aqr.com/Insights/Research/Journal-Article/Fact-Fiction-and-the-Size-Effect
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3686583
https://www.aqr.com/Insights/Research/Working-Paper/Size-Matters-If-You-Control-Your-Junk
https://www.aqr.com/Insights/Research/Working-Paper/Size-Matters-If-You-Control-Your-Junk
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3686583
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If small stocks outperform, but it’s solely because of having higher market betas, nobody in modern finance would 
(or should) call that a small firm effect. The original work on the size effect back in the early 1980s didn’t miss this, 
finding that small beats large by more than market beta could explain.4,5 But, the near 40 years since those 
findings have not been kind – both in realized returns and in re-examination of the original finding. A series of 
cumulative challenges, many of which we have summarized (though I’ll only address a subset here), all have 
reduced the historic “net of market beta” return to small vs. large, ultimately leaving nothing. Two of the main ones 
are 1) the original results, through no fault of their own, exaggerated the size effect as the databases at the time 
overstated the returns to small stocks. You get a smaller size premium today if you run the exact same tests over 
the exact same databases (updated and improved to fix errors, many of which were more common among small 
stocks) over the exact same time periods as the original work.6 And 2) the apparent outperformance of small 
versus large caps after adjusting for market beta in the original work was biased by misestimated betas due to 
liquidity differences. Accounting for this misestimation removes the last vestige of a size effect.  

Small stocks are less liquid, often far less liquid (particularly in the microcaps, which drive a large amount of the 
simple size effect). There are many ways to adjust for this, for instance adding explicit additional “liquidity factors” 
to regressions. But I will focus on the simplest of all that we have studied. In coming up with the market beta of 
small and large stocks, one simple way to adjust for illiquidity is to add in lagged market returns to the regressions 
used to determine the beta. The logic here is quite straightforward. If any stocks, but most likely applying to the 
small and very small, are illiquid enough that they trade infrequently, then when they finally do trade their price 
changes may reflect not just the contemporaneous market moves but also past market moves (as they never 
recorded a price change to account for those at the time). Adding up the betas (contemporaneous and lagged) 
leads to an estimate (still noisy of course) of the actual beta.7  

So, net of using the more accurate databases today versus those used in the original work and this adjustment for 
underestimated betas (using lags), you really don’t find any size effect. Zippo. Nada. 

In our size/junk paper we went and confused some people (we really tried not to!). We confirmed the lack of 
existence of a simple size effect but showed that small stocks were far lower “quality” than big stocks. Thus, any 
return they generate is, in fact, more impressive as historically quality is a rewarded factor, so small stocks face a 
rather severe headwind. In English, it is quite a feat for small stocks to even keep up with large stocks (after 
market beta adjustment) given that small stocks are far lower quality. We found this decidedly non-simple size 
effect to be impressive. Some have, quite mistakenly and to our great surprise, taken this as a contradiction: “I 
mean, in one paper you say size doesn’t work but in another you say it does!” Nope, not what we said. In both 
papers we say that size doesn’t really work alone (the “simple” size effect adjusting for only market beta) and in 
both papers we say (the main focus of one paper and a section of the other) that only when considering they’re 
fighting the successful quality factor are small vs. large returns impressive. These are not at all contradictory.  

Again, what we all do in this field is look at returns net of factor exposures. We, consistently across both papers, 
find the simple small firm effect doesn’t exist, as small firms do not historically defeat large ones by more than 
their market beta. And we, consistently across both papers, find that small firms indeed look much more 
impressive than large ones if you also adjust for their lower quality (not generally what people have called the 
small firm effect!). The message is consistent and straightforward (if indeed more complicated than when quality 
is left out). 

OK, admittedly half the point of this entry is to recap these results, as they do seem to cause some confusion. But 
now I move on to examine the simple size effect (size net of market exposure) in a very simple, but more dramatic 
and perhaps more clear way than we have to date. 

 
4 I will refer to the victory or defeat of small versus large after adjusting for market beta as the simple size effect. We believe it’s what most 
people have meant by the size effect for quite a long time. As a quibble (with myself!) the unadjusted comparison between small-cap and 
large-cap returns would look better if one adjusted for both market beta and betting-against-beta factors – but nobody uses such a two-factor 
risk model and it gets very circular with our size/junk findings. 
5 We are also quite clear that whether other factors, e.g., value, momentum, etc., work better within small stocks is a completely different issue 
(another thing the “settling” paper rediscovers – perhaps “resettling” would’ve been a better title!?). This has been confused before and 
continues to be oddly hard to communicate. We agree that other factors may indeed work better in small stocks (though given higher costs of 
trading it’s not a slam dunk that you can make more money from them), and that may in fact justify a larger allocation to small stocks that 
doesn’t include all small stocks but something like “small value.” Some confuse this with the size effect itself. The size effect was never, and 
still isn’t, that “small value” has been a great place to be. It was the claim that small itself was a great place to be (sans value tilt). 
6 The chief reason is when a firm is delisted, an estimate of its final return is used. That estimate appears to have been too high in the old 
databases. Because small firms delist more than large ones that leads to an overestimation of the size effect. 
7 This is not the first time we’ve used this simple lagged beta technique (though sadly we didn’t invent this method). 

https://www.sciencedirect.com/science/article/abs/pii/0304405X81900180
https://www.aqr.com/Insights/Research/Journal-Article/Fact-Fiction-and-the-Size-Effect
https://www.sciencedirect.com/science/article/abs/pii/0304405X77900411
https://www.aqr.com/Insights/Research/Working-Paper/Size-Matters-If-You-Control-Your-Junk
https://www.aqr.com/Insights/Research/Working-Paper/Size-Matters-If-You-Control-Your-Junk
https://www.aqr.com/Insights/Research/Journal-Article/Fact-Fiction-and-the-Size-Effect
https://www.aqr.com/Insights/Perspectives/Quibble-Fight
https://www.aqr.com/Insights/Research/Journal-Article/Do-Hedge-Funds-Hedge
https://www.jstor.org/stable/2328360
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Monthly Versus Daily Results Considering Lags 

Let’s start out with reviewing the standard monthly data. This is a slightly different version of results we’ve already 
published, but the review is necessary before moving on to the new daily study, and “slightly different” always 
offers a “slight” robustness check. 

I use the industry standard data from Ken French's website. I look at the returns to size deciles 1 through 10, the 
returns on the SMB factor,8 and market portfolio returns, all for the USA from July 1963 - June 20209 (I will also 
occasionally mention the 1990 - 2020 results just to make sure this isn’t all a problem with the early data – it isn’t). 

Let’s start with univariate data (i.e., unadjusted for any factor exposure including market beta). 

Table 1 
Monthly Summary Stats 

 Decile 1 
(Smallest) 

Decile 10 
(Largest) Decile 1 – 10 SMB 

Average Return* 8.6% 5.8% 2.8% 2.3% 

Volatility 21.9% 14.6% 16.4% 10.5% 

Sharpe Ratio 
(t-stat) 

0.39 
(3.0) 

0.40 
(3.0) 

0.17 
(1.3) 

0.22 
(1.7) 

* All long-only portfolio returns are excess of T-bills and averages are arithmetic. 
Source: AQR, Ken French Data Library. Based on monthly returns July 1963 – June 2020. Data description provided in the Appendix. 
Hypothetical data has inherent limitations, some of which are disclosed in the Appendix. Past performance is not a guarantee of future 
performance. For illustrative purposes only and not representative of any portfolio that AQR currently manages. 

We do see a size premium in the raw returns (though the Decile 1 (smallest) portfolio is volatile enough that it 
actually has a slightly lower Sharpe than Decile 10 (largest)). Also, even with near 60 years of data you get only 
an approximately 0.2 Sharpe and a t-statistic well south of 2.0 on the spread between small and large (the two far 
right columns), which gets you to a very marginally statistically significant result. That is pretty unimpressive even 
before what are likely large implementation costs. So, the size effect is already in big trouble. I’m going to make it 
worse. The next table shows that even the simplest, and I’ll soon argue insufficient, beta adjustment cuts away 
roughly half of small stocks’ average return edge over large stocks. 

Table 2 
Monthly Regression on Market Factor 

 Decile 1 Decile 10 Decile 1 – 10 SMB 

Alpha (%) 
(t-stat) 

1.4% 
(0.8) 

-0.1% 
(-0.3) 

1.6% 
(0.7) 

1.0% 
(0.7) 

Market Beta 
(t-stat)* 

1.12 
(3.4) 

0.93 
(-9.1) 

0.19 
(4.7) 

0.21 
(8.2) 

* For the long-only portfolios (deciles 1 and 10) this is a T-test of the market beta vs. 1.0. For the long-short portfolios (Decile 1-10 and SMB) 
it’s a T-test of the market beta vs. 0.0. 
Source: AQR, Ken French Data Library. Based on monthly returns July 1963 – June 2020. Data description provided in the Appendix. 
Hypothetical data has inherent limitations, some of which are disclosed in the Appendix. Past performance is not a guarantee of future 
performance. For illustrative purposes only and not representative of any portfolio that AQR currently manages. 

 
8 SMB is a less extreme version of comparing deciles 1 to 10 (it compares the smallest 50% to the largest 50%) and also entails some 
“cleaning” for the value factor, as it averages the small versus large returns across value tritiles. 
9 July 1963 is when the original Fama-French work started and reflected the availability of book value data in Compustat. If we run our tests 
July 1926 to today we find essentially the same results (with some very high volatilities for early daily small stock returns that makes me a bit 
suspicious of this data so I decided to start in 1963 – but no matter, it’s the same story). 

https://www.aqr.com/Insights/Research/Journal-Article/Fact-Fiction-and-the-Size-Effect
https://www.aqr.com/Insights/Research/Journal-Article/Fact-Fiction-and-the-Size-Effect
https://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html
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OK, so we haven’t even gotten fancy by introducing the lagged market to adjust for illiquidity, and already there is 
pretty much no size effect net of the larger betas of small stocks.10 Now we’re going to dance on the size effect’s 
grave a bit more. 

All I’m going to do now is add one more term to the regression, the market return lagged a month. Again, the idea 
is if small stocks don’t always trade, they may have fallen (increased) in value in a market drop (rise), but you just 
can’t pick it up with contemporaneous regressions. Thus, if small stocks also show a positive beta to last month’s 
market return, it’s very likely because they really did fall (or rise) in value with the market last month even though 
no price change was recorded because of illiquidity. Adding up the current and lagged beta can give us a better 
idea of the true beta and thus the true hurdle before we can say there’s positive return excess of beta exposure. 
So, the next table repeats the above just adding in that lagged monthly market return. 

Table 3 
Monthly Regression on Market Factor Plus Lag 

 Decile 1 Decile 10 Decile 1 – 10 SMB 

Alpha (%) 
(t-stat) 

-0.1% 
(-0.1) 

0.0% 
(0.1) 

-0.1% 
(-0.1) 

0.3% 
(0.2) 

Market Beta 
(t-stat)* 

1.10 
(3.1) 

0.93 
(-9.0) 

0.17 
(4.4) 

0.20 
(8.1) 

Market Beta Lagged 
(t-stat)** 

0.25 
(7.8) 

-0.03 
(-3.9) 

0.29 
(7.4) 

0.12 
(4.9) 

* Like earlier for the long-only portfolios (deciles 1 and 10) this is a T-test of the market beta vs. 1.0. For the long-short portfolios (Decile 1-10 
and SMB) it’s a T-test of the market beta vs. 0.0. 
** For the lagged T-stat it’s always a test vs. 0.0 as that’s what’s relevant. 
Source: AQR, Ken French Data Library. Based on monthly returns July 1963 – June 2020. Regression starts August 1963 to accommodate 
one month lagged factor. Data description provided in the Appendix. Hypothetical data has inherent limitations, some of which are disclosed in 
the Appendix. Past performance is not a guarantee of future performance. For illustrative purposes only and not representative of any portfolio 
that AQR currently manages. 

So, this is a fine mess if you’re a fan of the classic simple size effect (only adjusting for market beta but this time 
adjusting more accurately by using the contemporaneous and one month lagged market). The alpha of Decile 1 is 
very mildly negative for ~57 years with a very significant lagged beta of 0.25 (taking the total estimate of beta from 
an estimated 1.10 to 1.35, which is a non-trivially higher hurdle to overcome given a positive equity risk premium). 
The 1990-2020 results are even worse for alpha (-1.2% per annum after summed beta adjustment) with its own 
highly significant lags (so the illiquidity driving the simple regression’s underestimation of market beta is not just 
an early sample phenomenon).  

 
10 If we look over the last 30 years, 1990-2020, it’s even weaker (though this is a known tough period for small vs. large). 
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OK, now let’s look at daily data (yes, I’m finally getting to the actual point!). 

Table 4 
Daily Summary Stats 

 Decile 1 Decile 10 Decile 1 – 10 SMB 

Average Return* 7.2% 6.2% 1.1% 1.5% 

Volatility 15.2% 16.7% 12.3% 8.4% 

Sharpe Ratio 
(t-stat) 

0.48 
(3.6) 

0.37 
(2.8) 

0.09 
(0.6) 

0.17 
(1.3) 

* All long-only portfolio returns are excess of T-bills. 
Source: AQR, Ken French Data Library. Based on daily returns July 1, 1963 – June 30, 2020. Data description provided in the Appendix. 
Hypothetical data has inherent limitations, some of which are disclosed in the Appendix. Past performance is not a guarantee of future 
performance. For illustrative purposes only and not representative of any portfolio that AQR currently manages. 

The summary stats are quite similar but a little off from the annualized monthly summary stats (I suspect it has to 
do with how the site compounds daily returns). Let’s regress these portfolios on the market now (no lags yet). 

Table 5 
Daily Regression on Market Factor 

 Decile 1 Decile 10 Decile 1 – 10 SMB 

Alpha (%) 
(t-stat) 

2.3% 
(1.9) 

-0.2% 
(-1.3) 

2.8% 
(1.9) 

1.8% 
(1.6) 

Market Beta 
(t-stat) 

0.74 
(-53.8) 

1.01 
(8.7) 

-0.27 
(-45.5) 

-0.05 
(-11.2) 

Source: AQR, Ken French Data Library. Based on daily returns July 1, 1963 – June 30, 2020. Data description provided in the Appendix. 
Hypothetical data has inherent limitations, some of which are disclosed in the Appendix. Past performance is not a guarantee of future 
performance. For illustrative purposes only and not representative of any portfolio that AQR currently manages. 

This (Table 5) is as good as it’s going to get for the small firm effect. Suddenly there is one and it’s actually higher 
than before we beta-adjusted the daily data. But, note two things: 

1. It’s still not that good (alpha t-stats getting close to but not quite reaching 2.0). 

2. The table is so misleading I’d call it broken. 

How is it misleading? Well, notice first the regression beta of Decile 1 on the market portfolio. It’s 0.74 and a -53.8 
t-stat below 1.0. Huh? Isn’t both our intuition and the evidence in many other places (including Tables 2 and 3 
above) that small stocks have high betas? But here the smallest portfolio has a beta of 0.74 and both long-short 
portfolios (Decile 1-10 and SMB) have negative betas, which importantly is what’s driving their newly positive 
alphas (suddenly their returns look more impressive as if you have a negative beta you expect that to hurt you 
long-term, and these are the results net of that). What’s going on? 

What’s going on is illiquidity. We already argued above, and then illustrated with monthly data, that small firms 
might not trade so often, and thus regressions of monthly small stock returns on the same monthly market returns 
might show betas that are biased low (because not trading is a great way to look low beta!).11 Well, if that effect 
shows up monthly it just makes sense that it shows up on steroids when measured daily. Measured daily, the 
smallest firms, which clearly have betas well > 1.0 in all other tests, show up as having betas substantially < 1.0 

 
11 While the illiquidity effect is large here, it pales against even less liquid assets like private equity. Sadly, we can’t fix the measurement 
problem in P.E. with a few market lags. 

https://www.aqr.com/Insights/Perspectives/The-Illiquidity-Discount
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just by virtue of illiquidity. If that’s the case, then the barely statistically significant alphas in Table 5 are 
overstated, as beating 74% (the daily beta above of Decile 1) of the market’s excess return over time is a lot 
easier than beating, say, 120% of the market’s risk premium. 

Below I regress these same portfolios on the same contemporaneous daily market return as in Table 5 above,  
but also on the prior day’s market return (lag 1) and the average market return over the nine days before that 
(lags 2-10).12 

Table 6 
Daily Regression on Market Factor Plus Lags 1 and 2-10 

 Decile 1 Decile 10 Decile 1 – 10 SMB 

Alpha (%) 
(t-stat) 

-0.6% 
(-0.5) 

0.1% 
(0.3) 

-0.8% 
(-0.5) 

-0.1% 
(-0.1) 

Market Beta 
(t-stat)* 

0.74 
(-56.2) 

1.01 
(9.5) 

-0.27 
(-47.8) 

-0.05 
(-11.6) 

Market Beta Lagged 1 Day 
(t-stat)** 

0.12 
(25.2) 

-0.05 
(-30.9) 

0.16 
(28.4) 

0.08 
(18.6) 

Market Beta Lags 2 – 10 
(t-stat) 

0.33 
(24.3) 

-0.05 
(-11.8) 

0.39 
(22.7) 

0.20 
(15.7) 

Sum of Lagged Betas 0.45 -0.10 0.55 0.28 

* Like earlier for the long-only portfolios (deciles 1 and 10) this is a T-test of the market beta vs. 1.0. For the long-short portfolios (Decile 1 vs. 
10 and SMB) it’s a T-test of the market beta vs. 0.0. 
** For the lagged T-stat it’s a test vs. 0.0. 
Source: AQR, Ken French Data Library. Based on daily returns July 1, 1963 – June 30, 2020. Regression starts July 16, 1963 to 
accommodate the lagged factors. Data description provided in the Appendix. Hypothetical data has inherent limitations, some of which are 
disclosed in the Appendix. Past performance is not a guarantee of future performance. For illustrative purposes only and not representative of 
any portfolio that AQR currently manages. 

OK, that’s a pretty extreme set of regressions. Look at just long-only Decile 1. Its beta on the market’s move the 
same day is the same as the univariate regression in Table 5, 0.74. But its beta to the day before that is 0.12, and 
to the move over the prior nine days it’s 0.33, both highly statistically significant. Thus, the total estimate of beta is 
1.19. That’s a lot bigger of a hurdle than 0.74 alone and turns the alpha from 2.3% per annum in Table 5 to  0.6% 
here. For the difference between deciles 1 and 10, the contemporaneous beta of -0.27  (again, that screams 
wrong as it says the beta of the smallest firms is lower than that of the largest) is actually too low by a whopping 
0.55 (0.16 + 0.39 from the table), meaning our estimate of the real beta is not -0.27 but instead 0.28.  That 
changes the apparent excess of market return of decile 1 vs. 10 from a reported (but fictitious) 2.8% per annum in 
Table 5 to what we think is a more accurate -0.8% here.   

Again, admittedly, the daily results don’t show anything that leads to different conclusions than the monthly 
results. But I think they show what’s going on considerably more starkly. In the monthly case, the betas of small 
stocks are greater than large ones even measured using simple contemporaneous regressions, but illiquidity 
causes us to underestimate how much larger. In the daily case, the betas of small stocks actually come out much 
(economically and statistically) smaller than those of large ones if we don’t adjust for illiquidity. When we do adjust 
for illiquidity (with the lags), sanity is restored. 

  

 
12 Looking at other regressions, it’s likely I mildly understate the effect here only going to 10 days of lags, but it’s more than enough to make 
the point. 
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To summarize, 

• Small stocks beat large stocks historically but that’s only before adjusting for market beta, an adjustment we’ve 
all been doing in this field when studying size since the early 1980s. 

• Any way you slice the above there is nothing even resembling a long-term simple small firm effect (where the 
returns of small stocks are greater than larger ones by more than implied by their market betas). 

• Adding in lags to account for illiquidity takes the historically weak small firm effect and renders it non-existent. 

• This is most clear when looking at daily returns. Small stocks are so illiquid that even though they truly have 
betas considerably greater than large stocks, simple contemporaneous regressions erroneously show them to be 
much smaller. Adjusting for that leads to a dramatic turnaround in beta (and dramatic reduction in realized alpha) 
that perhaps even better illustrates the phenomenon than the monthly results we’ve focused on in prior work. 

• In separate work we show a different size effect, the size effect net of the quality factor, is quite strong (though 
we acknowledge this finding is not obviously implementable). This is not at all inconsistent with the results here.  

• Finally, as we have said before, whether other anomalies (e.g., value, momentum, etc.) work better among small 
firms is by itself interesting, and this can also render something like “small value” a long-term attractive strategy. 

 

So, if you had doubts, maybe now the size effect really is “settled”!  
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Appendix 

Data Description 

All data is based off monthly and daily returns from the Kenneth R. French online Data Library 
(https://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html). The universe is U.S. all-cap that combines the 
NYSE, AMEX and NASDAQ. 

Returns of size deciles (used for Decile 1, Decile 10, and Decile 1-10) are from French’s “Portfolios Formed on Size.” 

Returns of the SMB factor and the market (excess of the risk-free rate) are from French’s “Fama/French 3 Factors” and based 
on Fama and French (1993). The SMB (Small Minus Big) factor is constructed using 6 value-weight portfolios formed on size 
(small and big) and book-to-market (value, neutral, and growth), taking the average return of the three small portfolios minus 
the average return of the three big portfolios. 

Disclosures 

The views and opinions expressed herein are those of the author and do not necessarily reflect the views of AQR Capital 
Management, LLC, its affiliates or its employees.  

Past performance is no guarantee of future results.  

Diversification does not eliminate the risk of experiencing investment loss. 

This document has been provided to you solely for information purposes and does not constitute an offer or solicitation of an 
offer or any advice or recommendation to purchase any securities or other financial instruments and may not be construed as 
such. 

There can be no assurance that an investment strategy will be successful. Historic market trends are not reliable indicators of 
actual future market behavior or future performance of any particular investment which may differ materially and should not be 
relied upon as such. This material should not be viewed as a current or past recommendation or a solicitation of an offer to buy 
or sell any securities or to adopt any investment strategy.  

HYPOTHETICAL PERFORMANCE RESULTS HAVE MANY INHERENT LIMITATIONS, SOME OF WHICH, BUT NOT ALL, 
ARE DESCRIBED HEREIN. NO REPRESENTATION IS BEING MADE THAT ANY FUND OR ACCOUNT WILL OR IS 
LIKELY TO ACHIEVE PROFITS OR LOSSES SIMILAR TO THOSE SHOWN HEREIN. IN FACT, THERE ARE FREQUENTLY 
SHARP DIFFERENCES BETWEEN HYPOTHETICAL PERFORMANCE RESULTS AND THE ACTUAL RESULTS 
SUBSEQUENTLY REALIZED BY ANY PARTICULAR TRADING PROGRAM. ONE OF THE LIMITATIONS OF 
HYPOTHETICAL PERFORMANCE RESULTS IS THAT THEY ARE GENERALLY PREPARED WITH THE BENEFIT OF 
HINDSIGHT. IN ADDITION, HYPOTHETICAL TRADING DOES NOT INVOLVE FINANCIAL RISK, AND NO HYPOTHETICAL 
TRADING RECORD CAN COMPLETELY ACCOUNT FOR THE IMPACT OF FINANCIAL RISK IN ACTUAL TRADING. FOR 
EXAMPLE, THE ABILITY TO WITHSTAND LOSSES OR TO ADHERE TO A PARTICULAR TRADING PROGRAM IN SPITE 
OF TRADING LOSSES ARE MATERIAL POINTS THAT CAN ADVERSELY AFFECT ACTUAL TRADING RESULTS. THERE 
ARE NUMEROUS OTHER FACTORS RELATED TO THE MARKETS IN GENERAL OR TO THE IMPLEMENTATION OF 
ANY SPECIFIC TRADING PROGRAM WHICH CANNOT BE FULLY ACCOUNTED FOR IN THE PREPARATION OF 
HYPOTHETICAL PERFORMANCE RESULTS, ALL OF WHICH CAN ADVERSELY AFFECT ACTUAL TRADING RESULTS.  

AQR Capital Management, LLC, (“AQR”) provide links to third-party websites only as a convenience, and the inclusion of such 
links does not imply any endorsement, approval, investigation, verification or monitoring by us of any content or information 
contained within or accessible from the linked sites. If you choose to visit the linked sites, you do so at your own risk, and you 
will be subject to such sites' terms of use and privacy policies, over which AQR.com has no control. In no event will AQR be 
responsible for any information or content within the linked sites or your use of the linked sites. Information contained on third 
party websites that AQR Capital Management, LLC, (“AQR”) may link to are not reviewed in their entirety for accuracy and 
AQR assumes no liability for the information contained on these websites.  

Information contained on third party websites that AQR Capital Management, LLC, (“AQR”) may link to are not reviewed in 
their entirety for accuracy and AQR assumes no liability for the information contained on these websites. 

This document is not research and should not be treated as research. This document does not represent valuation judgments 
with respect to any financial instrument, issuer, security or sector that may be described or referenced herein and does not 
represent a formal or official view of AQR. This document has been prepared solely for informational purposes. The 
information contained herein is only as current as of the date indicated, and may be superseded by subsequent market events 
or for other reasons. Nothing contained herein constitutes investment, legal, tax or other advice nor is it to be relied on in 
making an investment or other decision.  

https://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html
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